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INTRODUCTION
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PROBLEM

◦ Sem a ntic Knowledge
◦ Im a ges of Hum a ns
◦ Plausible Reconstruction
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Dataset
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Sources

41076 Im a ges
Big  Va ria nce
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Cropped
Uncropped
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Joints

  

◦ No right/ le ft
◦ Not consta nt
◦ Sta nda rdized
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Masks
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METRICS
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MSE, DSSIM

11



WNJD

◦ Eva lua tes 
sem a ntic 
Knowledge
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ANALYZED 
METHODS
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RELATED WORK

◦ Im a ge  quilting
◦ Not a  lot of com pa risons ye t
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CONTEXT ENCODERS - Architecture

15



CONTEXT ENCODERS

◦ Two losses
◦ Autoencoder lea rns to reconstruct
◦ Cha nnel-Wise  Fully-Connected 

La yer
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SEMANTIC IMAGE INPAINTING

◦ GAN
◦ Two losses
◦ Lea rns m a nifold
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SEMANTIC IMAGE INPAINTING
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MULTI-SCALE NEURAL PATCH SYNTHESIS
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MULTI-SCALE NEURAL PATCH SYNTHESIS

◦ Uses Context Encoders
◦ Ite ra tive  process increa ses 

resolution
◦ Focuses on textures
◦ Three  losses
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RESULTS
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SETUP

◦ 60% Tra in im a ges (24647)
◦ 20% Va lida tion (8214)
◦ 20% Test (8214)

22

Context Encoders/
Multi-Pa tch

Epochs 180

λrec 0 .999

Overla p 4

BottleNeck 4000

Sem a ntic Im a ge  
Inpa inting

Epochs 95

λ 0.2

Overla p 4

BottleNeck 2000



QUALITATIVE

Context         Sem a ntic Pa tch  
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Orig ina l        Ma sk



QUALITATIVE

Context Encoders          Sem a ntic Inpa inting Multi-Sca le  Neura l 
Pa tch  24



QUANTITATIVE
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MODEL
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MODEL

28

400                     Sem a ntic Im a ge  inpa inting  defa ult m odel
(tra ined with fa ces)



PROBLEMS AND 
DISCUSSION
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INFIGHTING BETWEEN OBJECTIVES
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Sim ila rity to orig ina l: High Low Meh

Sim ila rity to se t:   High High Low



INSTABILITY
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ONION

◦ Error 
a ccum ula tion
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ONION - HOW THEY DEAL WITH IT

◦ Overla p
◦ Weighted Ma sk
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COMPETITION
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COMPETITION

Tools

Docker

Conferences

Accepted!

-
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CONCLUSIONS
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CONCLUSIONS

◦ Problem s still le ft to  ta ckle
◦ Sta bility is a  bottleneck
◦ Textures vs sem a ntic



FUTURE WORK

Model qua lifying  reconstructions
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Thanks for listening!
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